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ABSTRACT: Timely issuance of academic credentials is a measurable component of public-service quality. This study
assessed the Anti-Red Tape Authority (ARTA) compliance and statistical stability of Transcript of Records (TOR) and
Certification, Authentication, and Verification (CAV) requests processed by a university registrar during Calendar Year 2025.
A retrospective quantitative process evaluation used monthly summaries derived from 5,071 institutional transactions.
Requests exceeding the prescribed seven working days for TOR or five working days for CAV were classified as
nonconforming using the terminal date recorded in the institutional extract. Monthly proportions were analyzed with a p-chart
using variable subgroup sizes and three-sigma limits. Of the 5,071 requests, 1,174 were nonconforming, yielding an annual
defect proportion of 23.15%. The corrected Phase | p-chart showed that nine of twelve monthly points were outside their
computed control limits. August (83.8%) and December (30.1%) were above the upper control limit, whereas January,
February, March, May, July, October, and November were below the lower control limit. Only April, June, and September
were within the initial limits. The alternating pattern of zero or low nonconformity and concentrated high-delay months
indicates an unstable process rather than a single isolated disturbance. Because the available terminal date combined release
and claim information and the auditable summary did not provide separate monthly TOR and CAV denominators, the findings
should be interpreted as recorded process timeliness, not pure office-controlled delay or service-specific stability. The
registrar should establish release-ready timestamps, investigate peak-period conditions, stratify future charts by credential
type, and create a stable baseline before prospective monitoring.
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INTRODUCTION Higher education quality research often emphasizes
Administrative quality is part of institutional quality because  instruction,  student  satisfaction,  accreditation,  and
students and graduates rely on university offices to convert ~ institutional reputation. However, recent studies also

recognize the need to evaluate internal administrative
processes using operational indicators and structured
improvement methods [5-[]. Objective monitoring is
particularly important for registrar services because
transaction dates, service types, and release outcomes are
routinely recorded and can support direct process evaluation.

academic records into documents needed for employment,
professional licensure, postgraduate admission, scholarships,
migration, and credential evaluation. The Office of the
University Registrar performs this frontline function through
a sequence of request intake, record verification, document
preparation, approval, release scheduling, and client

notification. Delay at any stage can affect an applicant's
external deadline and can weaken confidence in the
institution's service system.

For Philippine public institutions, timeliness is reinforced by
Republic Act No. 11032, the Ease of Doing Business and
Efficient Government Service Delivery Act of 2018, which
requires agencies to simplify procedures, publish service
standards, and observe prescribed processing periods [1]. In
the registrar service examined here, the operational standard
was seven working days for Transcript of Records (TOR)
requests and five working days for Certification,
Authentication, and Verification (CAV) requests. A
transaction that exceeded the applicable period was treated as
nonconforming for process-monitoring purposes.

Statistical process control (SPC) is appropriate when a
service repeatedly produces measurable outputs over time.
Control charts distinguish common-cause variation, which
arises from the routine configuration of the system, from
special-cause variation associated with unusual conditions or
changes [2, 3]. This distinction prevents two managerial
errors: reacting to ordinary fluctuation as though it were
exceptional and ignoring a genuine shift as though it were
routine. Attribute charts are useful when each transaction is
classified into binary outcomes such as conforming or
nonconforming; a p-chart is specifically suitable when
subgroup sizes vary [4].

Continuous improvement literature further emphasizes that
corrective action should be based on reliable measurement,
explicit problem-solving structures, and evidence about how
work actually flows [9-[1].

The original institutional study contained a combined
monthly transaction table and separate TOR and CAV charts.
However, the submitted manuscript did not provide the
monthly denominators and delayed counts needed to
independently verify the service-specific charts. The present
journal version therefore uses the auditable combined
monthly counts as the principal dataset, recalculates variable
control limits, and treats root-cause categories as hypotheses
rather than quantified causal evidence. The study aimed to (i)
describe monthly transaction volume and ARTA compliance,
(ii) determine whether the combined credential-processing
process was statistically stable, (iii) identify months signaling
unusual performance, and (iv) propose defensible quality-
improvement actions.
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MATERIAL AND METHODS

Research design and setting

A retrospective quantitative process-evaluation design was
used. The setting was the Office of the University Registrar
of the University of Science and Technology of Southern
Philippines. The analysis covered January to December 2025
and focused on TOR and CAV transactions because both
services were repetitive, documented, and governed by stated
processing periods.

Data source and operational definitions

The institutional summary reported, for each month, the total
number of credential requests, the number classified as
delayed, and the number recorded within the prescribed
period. In the source workflow, each request was expected to
have a request date, a scheduled release date, a terminal
release or claim date, and a credential type. TOR requests
exceeding seven working days and CAV requests exceeding
five working days were classified as nonconforming. The
combined monthly counts were retained because they were
the only complete and auditable subgroup data in the
submitted manuscript.

A critical measurement qualification was applied. A client's
claim date is not equivalent to the date on which the registrar
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Operational interpretation and ethics

Potential contributors were organized from the source
manuscript's process review and administrative observations
under people, process, technology, demand/context, and
documentary factors. The previous numerical Pareto
percentages were not retained because the submitted paper
did not document event-level counts or a reproducible coding
procedure. Thus, the categories were used only to guide
investigation. Personal identifiers were excluded, findings
were reported in aggregate, and the analysis evaluated the
service system rather than individual employee performance.

RESULTS

Monthly volume and ARTA compliance
The registrar processed 5,071 TOR and CAV requests in
2025. Of these, 3,897 were recorded within the applicable
period and 1,174 were classified as nonconforming, for a
pooled nonconforming proportion of 0.2315 (23.15%).
Monthly volume ranged from 165 requests in March to 716 in
August. August alone accounted for 600 delayed requests and
had an 83.8% defect proportion. December had the next
highest proportion at 30.1%, followed by June at 28.0% and
April at 26.8%. Five months reported zero delayed requests.
Table 1. Monthly credential-request volume, nonconformity,
and p-chart limits for CY 2025

completed and made a document available. When the
institutional extract uses a combined 'release/claim' terivinath

date, some recorded delay may reflect client behawor mg%%é
than office processing. Accordingly, the outcome In t
article is termed recorded nonconformity or
timeliness. Future monitoring should use a releasavrg@atly
timestamp as the primary ARTA endpoint and retai
date only as a separate client-service indicator.
Statistical analysis

Frequencies and percentages summarized transaction vghsme
and compliance. For month i, the nonconforming propoytion
was p_i=d_i/n_i, where d_i was the number of Qﬁ/
requests and n_i was the monthly number of requestduduse
pooled center line  was calculated
bar=sum(d_i)/sum(n_i). Because monthly subgroup sizes
varied, month-specific three-sigma limits were comp

UCL_i=p-bar+3sqrt[p-bar(1-p-bar)/n_i] and LCL_i#tetember
3sqrt[p-bar(1-p-bar)/n_i]. A negative LCL would beDQ@!%]%er
in this

zero; none of the calculated monthly LCL values
dataset was negative.

This was a Phase | retrospective chart. A point above the
UCL or below the LCL was treated as evidence that the
monthly proportion was inconsistent with the pooled process
average. Low-side signals were retained because unusually
good performance can reveal a different operating condition,
a data-capture issue, backlog timing, or a process
configuration worth understanding. Run and trend rules were
not used as primary evidence because only twelve monthly
subgroups were available. Control limits were interpreted as
statistical signals, not as ARTA specification limits or
process-capability measures.
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MAGlRIm 291 78 213 268 0157  0.306 In control
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aSseptefber 612 141 471 23.0 0.180  0.283 In control
370 0 370 0.0 0.166  0.297 Below LCL
301 0 301 0.0 0.159  0.304 Below LCL
382 115 267 30.1 0.167  0.296 Above UCL
Total 5071 1174 3,897 232 — - -

Figure 1. Corrected Phase | p-chart for the combined monthly
proportion of nonconforming TOR and CAV requests. The
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Statistical stability
The p-chart did not support the conclusion that the process
was statistically stable. Nine of the twelve points were
outside their month-specific limits. August (p=0.838)
exceeded its UCL of 0.279, and December (p=0.301)
exceeded its UCL of 0.296. January, February, March, May,
July, October, and November were below their LCL values.
Only April, June, and September were inside the initial limits.
The corrected interpretation differs from an analysis that clips
all LCL values to zero. For these relatively large monthly
subgroup sizes and a pooled defect proportion of 0.2315, the
calculated LCL values were positive (0.133-0.184).
Therefore, zero-defect months were statistically unusual and
could not be treated as routine evidence that the same process
remained in control. The chart instead showed alternating
operational regimes: several very low months, three
intermediate months, and two high-delay months.
Operational contributors requiring verification
The process review suggested several plausible contributors,
but the available evidence did not permit causal ranking.
Table 2 therefore presents an investigation framework rather
than a quantified Pareto result. Each hypothesis should be
tested against event logs, staffing rosters, system-availability
records, signatory turnaround, incomplete-requirement codes,
and daily workload before corrective action is finalized.

Table 2. Root-cause hypotheses and evidence needed for

verification
Category Hypotheses and verification evidence
People Peak-period staffing, cross-training, and
signatory availability; verify with duty
rosters, leave records, and approval
timestamps.
Process Multiple checking stages, unclear handoffs,
batching, and pending approvals; verify
through process maps and stage-level
timestamps.
Technology  System downtime, slow network, printing
interruptions, or manual tracking; verify with
incident and equipment logs.
Demand/co Graduation, enrollment, licensure,
ntext scholarship, or employment surges; verify
using daily request arrivals and calendar
events.
Documents/  Incomplete or inconsistent requirements and
client delayed client action; verify with
standardized reason codes and separate
release-ready and claim dates.
DISCUSSION

The annual figure of 23.15% shows that recorded delay was
operationally material, but the more important finding is the
process pattern. A single annual percentage conceals the fact
that the monthly process alternated between near-perfect
recorded compliance and concentrated periods of severe
nonconformity. SPC is valuable precisely because it evaluates
time-ordered variation rather than treating all transactions as
one undifferentiated total [2—4].
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August was the dominant high-side signal. It combined the
largest monthly workload with 600 delayed transactions,
suggesting that capacity, workflow, system availability,
approval access, or data recording changed substantially
during the month. December was also above its UCL, even
though its volume was moderate. This indicates that
transaction volume alone cannot explain the pattern. A causal
investigation should therefore compare staffing, request mix,
pending  backlogs, service interruptions,  signatory
availability, and daily arrival rates across August, December,
and the months with low proportions.

The low-side signals are equally informative. Seven months
fell below their LCL, and five reported exactly zero delayed
requests despite processing between 165 and 447
transactions. Such performance may represent genuinely
effective operating conditions that should be standardized. It
may also reflect changes in recording practice, batch closure,
omitted terminal dates, or use of client claim date. Before
treating zero months as benchmarks, the office should audit a
sample of records and confirm that request, release-ready,
notification, and claim dates were captured consistently.

The results support the broader literature calling for process-
based quality assurance in higher education [5-8]. Registrar
performance should not be judged solely by satisfaction
surveys or annual accomplishment totals. A small operational
dashboard can provide monthly volume, median working-day
turnaround, percentage within the Citizen's Charter, number
and reason for paused transactions, and a stratified control
chart for each credential service. This approach converts
administrative records into evidence for staffing, workflow,
and digital-system decisions.

The study also illustrates the difference between statistical
control and compliance. A stable process can still perform at
an unacceptable defect level, while an unstable process may
contain several months with excellent results. The current
chart is a Phase | diagnostic, not a final prospective
monitoring baseline. After assignable causes are investigated
and the endpoint is corrected to release-ready time, the office
should establish a new stable baseline and use it for ongoing
Phase 1l monitoring. Specification performance should be
assessed separately through turnaround-time distributions and
the proportion meeting the published service standard.

Strengths and limitations

The principal strength is the use of actual operational counts
rather than perception-only measures. The revision also
applies variable monthly control limits, retains low-side
signals, and removes unsupported numerical ranking of
causes. Nevertheless, the analysis is limited to one institution
and one year; monthly aggregation provides only twelve
subgroups and can hide daily or weekly shifts. The available
auditable table combined TOR and CAV, preventing service-
specific verification. The terminal date was labeled release or
claim, which can confound office completion with client
behavior. Potential causes came from process review rather
than event-level causal data. Finally, the pooled center line
includes special-cause months, so it is suitable for initial
diagnosis but not for future performance prediction.
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CONCLUSION

The university registrar processed 5,071 TOR and CAV
requests in CY 2025, of which 1,174 were recorded beyond
the applicable period. The overall nonconforming proportion
was 23.15%. A corrected variable-limit p-chart found that the
combined credential-processing process was statistically
unstable: August and December were high-side signals, seven
months were low-side signals, and only three months fell
within the initial limits. The pattern indicates alternating
operating conditions rather than a consistently controlled
process.

Immediate action should focus on data integrity and
diagnostic investigation. The office should record request,
release-ready, notification, and claim dates separately;
maintain standardized delay-reason codes; audit the zero-
delay months; and reconstruct service-specific weekly or
monthly charts for TOR and CAV. Peak-period capacity
planning, cross-training, approval continuity, pending-request
dashboards, and system-incident logging should be evaluated
against evidence from August and December. After verified
special causes are addressed, a new stable baseline should be
established for prospective monitoring. These measures will
make ARTA compliance reporting more accurate, actionable,
and defensible.
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